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Viotivation Task: Find Uniform Regions of Content In

Our previous methods classified each individual Scanned Document Images

pixel separately
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Training set : 33 iImages, 87/M pixels

Test set : 83 Images, 239M pixels Refinement: Iterated Classification
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Result: 23% drop In error areas where several content classes
are mixed together

In real content, almost all small local
regions are of uniform class

Improve result by post -classification

Use Classification to Extract Content Layers

Photograph (PH) Machine Print (MP) Handwriting (HW)

Instability Issue

In one experiment, atthe 9 ™" stage, large solid regions
of HW were misclassified as MP. |
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Promising workarounds:

(1) Drop a training image whenever its error rate rises

ncrease the radius of the features
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Future Work
Classification with features over a range

of scales

Classify
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Seek guaranteed solutions to the
Instability iIssue

. Increase the number of iterations




