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Table 1: Description of the 4 teams used in testing and
training of RETALIATE.

Empirical Evaluation
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Changing Environments
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Figure 1: Results in a changing environment
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Figure 2: Results versus HTNBots, first game.
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Figure 3: Results versus HTNBots, second game.

Final Remarks

) 0 0
t 999.+ ? * -
* - +)
0 * 0 * 0
* * 0 * *+
* * > * *
* * o 0 1
* 0 +) 0 **0
* 0 0
0 ; > 2
0 - "o -
* > a priori 0+
) * * # * *
) ) &)
? t
( ) & ) * * * - * * > 2
* +)
2 - - %
+C) &)0D 0 *
L 4
) &) T
0 * 4
Acknowledgements
> " 0o F
0 -0 C 1)
* F ?* t )
* o4
References
- 8 7 8+ 8
0 + Artificial Intelligence  + $: ¢

5 +5 "#5"1 51154

? = 1 ) *
1 t+ Al Game Programming Wisdom 2t
( 8* 511$t
0+ Q===+ o0 0

* X 5% 511

= =t 0 1 * 8V <t =t

*

E

E & Proceedings of Artificial Intelligence and
Interactive Digital Entertainment Conference (AlIIDE-05)+
& t501"
Y »8 #  * & *)
O E + & , Al Game Programming Wisdom 2+
( 8* 5Ig
* X+t 8t
= # & 2
#5511
8 (* 8t * 0 *
# 1
&  Proceedings of the Seventeenth International
Conference on Machine Learning ~ "$"#"'%5 5111+
8 0 = F* & = 2 VYt

+ Al Magazine 55-5.,

*

t & Adaptation, Coevolution and
Learning in Multiagent Systems: AAAI Spring Symposium
to$#:C 99:+
8V« =t =
) " = ) 2F " 2 1
& , Al Game Programing Wisdom 3+ ( 8 *
F + 7+ + 8V <« = =/ ,
* % + Proceedings of the
Sixteenth International Joint Conference on Artificial
Intelligence (IJCAI-99)+ 2 , & 999+
8t * 2 +-5110%4¢% *
E & " + Computer Games:
Artificial Intelligence, Design and Education - E &

=+ 5I1:, *

5110+ +$ O9#$9:+ A +
(o t E &) > +1In: Al Game
Programming Wisdom 2+ ( 8* 5%
( * X)) 8 0 & ? +In: Al Game
Programming Wisdom 2+ ( 8* 5%t
+ 8 * t = X+ *
A & + Proceedings of the Twelfth

National Conference on Artificial Intelligence  + %5:#
%$ + 99%
2 t 2 < #Y &t * t 4
511%: / * E / & -
t International Journal of Intelligent
Games and Simulation 7 + $ F ¢

A * (L + %" H""$t
G ot + Et Reinforcement Learning:
An Introduction 8%) 0* 8 99+

F ¢ ) 0 8+X & ( X &C.
53,8:CH®%5! 511"

) Et ) )
E + & Communications of the ACM 8 99" (
7 +$ F+$ 99™

8t * Xt 2 X o= * X

= o+ 2 Y+ *x)x 2 (G



E + Proceedings of the National
Conference on Artificial Intelligence  + 9594981 999+

A 2 t Xt Models of Delayed Reinforcement
Learning. tot
0 * 0 * Y 9 9
Z 2 + 0 #

* E + &, Al Game Programming Wisdom 2t
( 8* 5%



