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Introduction 

Gromov-Wasserstein Learning (GWL) framework 

Experiments

OVERVIEW



• K-Wasserstein distance:   

• Earth mover (1-wasserstein distance) :   

 

WASSERSTEIN DISTANCE 

P, Q Q1 Q2 Q3 Q4

P1 0 2 0 0

P2 0 2 0 0

P3 0 0 0 1

P4 0 0 0 0

w=2*d(P1,Q2)+2*d(P2,Q2)+1*d(P3,Q4)=5



GROMOV-WASSERSTEIN DISTANCE

sihong
Better explain the terms one by one and slowly.
Sometimes you need to read some tutorials to understand
the terms.



PROPOSED METHOD

sihong
there is a lot of information and math terms.
Better organize them by input-output and objective.

sihong
better explain the terms using the example.



GROMOV-WASSERSTEIN LEARNING



 

 

 distance between the node embedding within the same  graph 

 distance between nodes of the two graphs 

GROMOV-WASSERSTEIN LEARNING



Updating optimal tranaport: m-th outer iteration , n-th inner iteration, based on KL divergence 

 

 

Parameter  control：  

Updating embeddings: 

α

GROMOV-WASSERSTEIN LEARNING



Cosine-based distance:  

Radial basis function(RBF)-based distance: 

EMBEDDING-BASED DISTANCE



ALGORITHM



 

      , then    

 

   

SINKHORN-KNOPP ALGORITHM



PROXIMAL POINT METHOD



EXPERIMENTS

sihong
Explain the x and y axes first.
Then explain the curves.
Lastly, explain the settings and the performance.



EXPERIMENTS

sihong
need to explain the baselines,
and the differences between 
the baselines and the proposed method
how the difference lead to the
the performance improvement.
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